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ABSTRACT

Twitter is the special place that people in the world can freely share their information and opinion. There
are tries to utilize a vast amount of information made from twitter. The study on classification of tweets by
subject is actively conducted. Twitter is a service for sharing information with short 140-characters text
message. The short message including brief content makes extracting a variety of information hard. In the
paper, we suggests the method to classify tweet by subject. The method uses both tweet and subject features.
In order to conduct experiments to verify the proposed method, we collected 10,000 tweet messages with the
Twitter APL. Through the experimental results, we will show that the performance of our proposed method
is better than those of previous methods.
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God never sends us more than we

can handle - Mother Theresa
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