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Algorithm 1

1: Input: X, P[l.u+tw][l.utw]

20 output: BX(v)

3 for s : 1 to u do

4: for t : s+1 to u do

5: if ¢t € V.., then

6: P[s1[t] < 0.0

7 else

8: Plsllt] < V1V, . N V..l
9: total < total +P[s][t]

10: end for

11: for t : u+l to u+w do

12: for each k= V., do

13: if t < k then

14: append Pls1[k] to C
15: else

16: append Plk][s] to C
17 end if

18: end for

19: Pls1[t] < H(C)

20: total < total +P[s][t]

21: end for

22. end for

23: for s : u+l to u+2 do
24: for t : s+1 to utw do

25: for each k€ V., do

26: if s < k then

27: append Pls][k] to C
28: else

20: append Plkl[s] to C
30: end if

31: end for

32: Plsllt] < H(C)

33: total < total +P[s][t]
34: end for

35 end for

36: return 2+ total
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