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ABSTRACT

Recently, the image processing is utilized in various fields and many studies on the image restoration
have been carried out in order to remove the noise occurring in the process of data transmission, processing
and storage. There are many types of noises added to the image according to the cause and shape, and
AWGN(additive white Gaussian noise) is one of typical noises. This paper proposed an algorithm which
applies the weighting of filter differently according to the standard deviation in order to alleviate AWGN
added to the image, and compared this algorithm with the current methods using PSNR(peak signal to noise
ratio) as a criterion of judgment.
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Fig. 1. Flowchart of algorithm.
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Fig. 2. Filtering image(o = 15).
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Fig. 3. PSNR with variation of AWGN.
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