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ABSTRACT

Data is increasing explosively with the spread of networks and mobile devices and there are problems in
effectively processing the rapidly increasing data using existing recommendation techniques. Therefore,
researches are being conducted on how to solve the scalability problem of the collaborative filtering technique.
In this paper applies MapReduce, which is a distributed parallel process framework, to the collaborative filtering
technique to reduce the scalability problem and heighten accuracy. The proposed technique applies MapReduce
and the index technique to a user-based collaborative filtering technique and as a method which improves
neighbor numbers which are used in similarity calculations and neighbor suitability, scalability and accuracy
improvement effects can be expected.
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2.2 MapReduce
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