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ABSTRACT

Wearable device, along with IoT(Internet of Things), is considered the core of upcoming generation’s
convergence technology. Companies are intensely competing one another for prior occupation in the smartwatch
market. Consumers that use smartwatch express their preferences by sharing their opinions through SNS(Social
Networking Service). Through this study, emotions dictionary is built, which consists of attributes and emotional
words related to smartwatch. Based on the emotions dictionary, SNS data has been categorized according to the
attributes through opinion data model. Afterwards, overall polarity and attribute polarity of collected data are
distinguished through natural language parsing, followed by an analysis of smartwatch reviews. This study will
contribute to determination of which attributes of smartwatch to be improved, to arise consumer’s interest for

individual smartwatch.
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