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ABSTRACT

Peace on the Korean Peninsula is threatened by physical aggressions and cyber terrors such as nuclear
tests, missile launchings, senior government officials’ smart phone hackings and DDos attacks to banking
systems. Cyber attacks such as vulnerability for the hackings, malware distributions are generally defended
by passive defense through the detecting signs of first invasion and attack, data analysis, adding library and
updating vaccine programs. In this paper the concept of security program based on Google TensorFlow
machine learning ability to perform adding libraries and solving security vulnerabilities by itself is researched
and proposed.
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