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ABSTRACT

Forward collision warning systems(FCWS) and lane departure warning systems(LDWS) need regions of
interest for detecting lanes and objects as road regions. In general, the lane departure warning system using a
vehicle front camera is tracking a lane curve using RANSAC or the like in the form of a straight line obtained
image are compared with the center of the vehicle. This algorithm has weaknesses that requires a wide range
of the lane being vulnerable to the curve. This paper presents an algorithm that checks whether the current
lane departure by car from the Top-view space. The algorithm also can check whether the vehicle in the lane
departure of the narrow range, and shows the result that is almost not affected by noise.
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138 1. Overview of LDWS Algorithm
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(c) Top-view
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