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ABSTRACT

Due to the popularity of social networks and the development of technology in mobile
networking, the mobile social networks (MSNs) provide opportunities for the spread of
information between mobile devices. As a result, understanding the information diffusion in the
emerging MSNs is a critical issue. Many research studies have addressed diffusion minimization,
which is a problem of how to find the proper initial k users who can effectively propagate as
widely as possible in the minimum amount of time, similar to influence maximization. We
address a study on association analysis among nodes in information diffusion and mobility
pattern for mobile social networks. Experiments in our study were conducted in the
Opportunistic Network Environment (ONE) simulator using GPS trace of mobile node, to show
that the study results in MSNs. We also demonstrate that our experiments outperform other
existing algorithms with various communication range and ratio of k influential nodes.
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