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ABSTRACT

With the development of automation technology and the increase of large-scale automation projects,
sensors used for state monitor and parameter measurement have become more and more important. Once the
sensor faults occur, which will lead to the degradation of automation system’s performance, and even
disastrous consequences. In this paper, sensor output value modeling is performed using Kung's Algorithm
for direct fault diagnosis of sensor, and fault diagnosis method based on decision theory is presented.
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2.1 Kung's Algorithm Procedure
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2.2 Fault Detection
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Fig. 1. Sensor Modeling Data
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