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ABSTRACT

In this paper, we propose an algorithm for an alternative method using the clustering algorithm in a system
that needs classification to extract individual user context information. In the conventional user classification
system, the user has to input his own information. In this paper, we will research and develop a system
applying a clustering algorithm which can extract user ’s perceived information applying the improved algorithm
for user management base. Generally, the algorithm that distinguishes users with the same data makes sure
that recorded information matches the newly entered information, and then responds accordingly. However, it is
troublesome to manually input information of the new user. Therefore, in this paper, we propose a method to
distinguish users by using the clustering algorithm based on the analyzed data from the working memory in the
accumulated system without directly inputting the user information. The study shows that the management
method applied to the applied algorithm is more adaptive in environments where the number of people is
different from that of the existing system (as a subjective observer test method).
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