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Basic Study on Safety Accident Prediction Model Using Random Forest in
Construction Field
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Abstract

The purpose of this study is to predict and classify the accident types based on the KOSHA (Korea Occupational
Safety & Health Agency) and weather data, We also have an effort to suggest an important management method
according to accident types by deriving feature importance, We designed two models based on accident data and weather
data (model(a)) and only weather data (model(b)). As a result of random forest method, the model(b) showed a lack of
accuracy in prediction, However, the model(a) presented more accurate prediction results than the model(b). . Thus we
presented safety management plan based on the results, In the future, this study will continue to carry out real time
prediction to occurrence types to prevent safety accidents by supplementing the real time accident data and weather
data,
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