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lll, The Proposed Scheme
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Map¢String, Doubles v = new HashiMap<String, Doubles();

i put("e", 10);
wput('R', 30);
wput("I", 680);

Fig. 1. Weighting according to packet type
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Fig. 2. Result of FIFO algorithm
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FROM Q(E,28) To Q(R,15) To Q(R,15)
To Q(N,53) To Q(R,16) To Q(R,16)
To QfN,9) To Q(R,17) To Q{R,17)
To Q(E,28) To Q(N,4) To Q(N,4)
To Q(N,38) To Q(M,8) To QiN,8)
To QN,36) To Q(M,26) To Q(N,28)
To QN,25) To Q(M,19) To Q(N,13)
To Q(N,45) To Q(N,35) To Qi(N,35)
1 8 0 (s 1 = 5 i T
To Q(M,58) FROM Q(E,51) FROM Q(E,13)
To Q(M,52) |:> To Q(N,53) |:> To Q(N,53)
To Q(N,24) To Q(N,9) To Q(N,9)
To Q(N,3) To Q(E,2@) To Q(E,28)
To Q(N,34) To Q(M,38) To Q(N,38)
To Q(N,47) To Q(M,36) To Q(N,36)
To Q(N,32) To Q(M,25) To Q(N,25)
To Q(N,29) To Q(N,45) To Q(N,45)
To Q(N,57) To Q(R,1) To Q(R,1)
To Q(N,14) To Q(M,58) To Q(N,58)
To Q(R,48) To Q(N,52) To Q(N,52)

Fig. 3. Process of the proposed scheme
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Fig. 4. Result of the proposed scheme
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Comparison of two algorithms
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Fig. 5. Comparison of two algorithms

Hlnl 23} Ak 7o) 71e] FIFO Yargfsgol Hlsl it
ti71ARte] S71eE Aoks Bk ANt kb 7 71

715 e dolHe] FRE aefele] $Akeslel wet Aefeielk

IV. Conclusions
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