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We live in the digital era, and the characteristics of our customers in the digital era are constantly changing. That's

why understanding business requirements and converting them to technical requirements is essential, and you have to

understand the data model behind the business layout. Moreover, Bl(Business Intelligence) is at the crux of

revolutionizing enterprise to minimize losses and maximize profits. In this paper, we have described a leading study

about the situation of desk-top Bl(software product & programming language) in aspect of front-end side and the Data

Lake platform based on Big Data by data modeling in aspect of back-end side to support the business intelligence.
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2. Bl(Business Intelligence)
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Table 1. Key differences between Data Warehouse and Data Lake[12]

Iltems Data Warehouse Data Lake
Structured /
Data Structured, Processed Semi-structured /
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Processing | Schema—-on-write Schema—-on-read
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Storage Y g g
data volumes low—cost storage
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- Less agile, configure and
Agility . ¢ . . g.
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Security Mature Maturing
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Professionals
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