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Fig. 1. Decision Tree
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=== Summary ===
Correctly Classified Instances 95 66.4336 %
In;wrectlv C\assil\ed Instances 48 33.5664 X
T
Nean absalule error 0.2312
Foot mean squared error 0.3956
Relative absolute error 63.1794 %
Root relative squared error 95.3866 %
Total Number of Instances 143
=== Detailed Accuracy By Cla
Recal|  F-Measure MCC ROC Area PRC Area Class
0.713 0.713 0.347 0.754 0.791 WIN
0.623 0.613 0.7 0.737 0.648 LOSE
0.000 0.000 0.000 0.000  0.000 0.000  0.145 0.014 DRAY
Veishted Ave 0.684 0,334 0.656 0.684  0.680 0330 0.7 0.719

=== Confusion Matrix ===

Fig. 2. Neighborhood Classifier Result (KNN=21)
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=== Summary ===

| Correctly Classified Instances 101 70.1389 %
Incorrectly Classified Instances LE] 29.8611 %
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Mean absolute error 0.463

Root mean squared error 0.4759

Relative absolute error 93.2077 %

Root relative squared error 95.4882 %

Total Number of Instances 144

=== Detailed Accuracy By Class ===

Recall F-Measure MCC ROC Area PRC Area Class

0.636 0.661 0.396 0.693 0.646 WIN
0.756  0.733 0.396  0.693 0.668 LOSE
Weighted Avg. 0.701 0.700 0.396 0.693 0.658

=== Confusion Matrix ===

2 b <= classified as
42 24 | a = WIN
19 59 | b = LOSE

Fig. 3. Neighborhood Classifier Result (KNN=21)

IV. Conclusions
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