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ABSTRACT

Recently, the spread of deep learning environments has increased the importance of dataset generation. In this paper,
we aim to design and implement a method for capturing rotating images of objects and performing object tracking on
them for efficient dataset generation.

The method implemented in this paper is to obtain image data by rotating objects to capture multiple angles of
objects, detect and track objects through background removal and difference image processing techniques, showing them
on screen to monitor object tracking results in the current frame. It was then implemented to return object location
data within the image for use as a dataset.
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