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ABSTRACT

According to the National Police Agency, 161 out of 38,496 unsolved cases as of 2020. Most of the adult missing
persons, the highest of the unsolved causes, are evaluated as simple runaway, which takes a long time to investigate.
Even if search through CCTV, it can take a long time and the accuracy can be somewhat low because you have to
check the faces of the characters one by one and find the characters only with the characteristics of the statements.

This paper utilizes MTCNN to conduct research on character extraction in CCTV. We initiate simultaneous analysis
of the features of faces learned with MTCNN and the clothes we are wearing, so that only the overlapping characters
are extracted so that they can be identified to the related parties. For aim to learn more diverse feature detection to
narrow down the features of missing persons in the future and increase their accuracy.
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0S Windows 10 64bit
CPU  |Intel(R) Core(TM) I5-8250U
RAM |8GB
Language |Python 3.7.10
Package |Tensorflow—gpu 1.15.2
GPU NVIDIA 10.0.0
FHlE ARRIEES 12x1237]0] 3 273t H
=2 AXAA G F2olA 57}7‘] EAR™E
otz AobE HlolHE2 HeidE fdl d=
Q1% doleler £ dlolEl® Wad o, AxIsk

o

07
100 1 —— prelu_acc == 0 a2V a-—4

= relu_acc Foe
= leaky_relu_acc

/

o
0
]

o
0
=]

2 Foa
€ os8s
g Ho3
0.80
\ roz
0.75 prelu_loss
= relu_loss Fu
070 \eaky:felu_loss ] : : : - }oo
0 5 10 15 20 5 30
epoch
a8 2. M35 gl e P-NetZ 1t
= 2t P48 4o e Agsel 2UES
dlwet ZAubzolt}y. P-Neto| A 374X &/dset b4
ZO|A &= Relu, Leaky Relu, PReluS B]uw gt A}
Hetzel B8 2450 Y 2e RewS E U
e meo] b MYk A Aol 2uEL
R-Net?} O-Netof]A] X7Ago] Zja  ofxdolat
P-Neto| Al U2 &AE2 FFLE0] Z JF2 0

A7 gre 7102 ek,



SRPESMER 20218 = T

v. &2 B2

2 =woAE MTCNN FolA &= P-Net® &7
3 Aao L S3) AM P-Neto 7o O
s otsict o]ulX] malujEE AX U2 P-Net
S Esto] e Au} e )9 e Aol u
o FAES Holn O‘q of'g 2tz R-Netf
O-Netg 72 o § =2 =g ALst= 2
2 9Fgs & AR Bop

2 A4+ AE5HO0Z R-Nett O-Nete] R£7

o
=2
al

ol
=

LT zol7] g3 A7 ool

2 CCTVeh o] g Aie 48ksHR
n}olﬁﬂﬂa g0l Hgstol o o
S} WE AL 9] A7 olgolct

rlo

ol of}
rE rir ko
Q

1 o 2 o
9 o

References

[1] Korea Police Agency. A&ols5 A4 2 A
&2} [Internet]. Available : https:/www.index.go.kr/potal/main/
EachDtIPageDetail.do? idx_cd=1610

[2] Kwang-Min Nam, Yong-Jin Jung, “Cascade CNN
with CPU with CPU-FPGA Architecture for
Real-time Face Detection”, Vol. 21, No. 4, pp.
388-396, April. 2017.

[3] Kaipeng Zhang, Zhanpeng Zhang, Zhipeng Li.
“Joint Face Detection and Alignment using
Multi-task Cascasded Convolution Network” in
IEEE Signal Processing Letters, Vol. 23, No.

16290010, pp. 1499-1503, August, 2016.

382





