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Subcutaneous

Label I H'H’ Muscle
i =

AEH™
= conv 3x3, ReLU .H g I:D_ﬂ’g
copy and crop 12 12
§ max pool 2x2 EI'E—L; [ -" crm—

4 up-conv 2x2 :noe:goz:l
= conv 1x1 '

(¥l 1) U-Neto] AA 7%

g 2% Adrh 4 &2 ouAES BY
M ¥ Windowing &2 ¢13}¢] H]%f& Windowing
< /i e R9E e gl & U

W mlo

th old EARZ Qs OE]% 14 CT dlolg =
= 2}l 8 5l Train:1480, Test:3700. &
Windowing¥} Augmentationg & -&3F# & A7
ol vk 74 aL skttt staS 9%k shol ¥
g E = obg <E1>3 2t}

<GE 1> S 9%k stelm ety

Name Description
Input Size 512 x 512
Model U-Net
Loss Dice Loss*(0.5) +
function Cross Entropy Loss*(0.5)
Batch size 4
Learning rate | 2e-4
Epochs 50, patience=10

Optimizer RMSprop

S5 9T stolH T HolA EAo] U= F
T2 Loss Functionelt), HGE 23 Helox <]
Loss Function® Dice LossE& AF&3IAITF @02
AHEAE A BEES AUE Kok Aolavt A
vgktt, wekA  Dice Loss[9]19F  Cross Entropy
Loss[1015 7F&# 05 052 Z%Es Combined

LossZ A}€ 3l4t}. Dice LossE & 83= olf&
CT dlolg] =&l ojA w7l F&Eo] & F&

of w®lal HFs Wol ZF#Yx & (Class
Imbalance)[11,12]4] ®gt &S Dice LossZ Fo}
‘zrxl Rom AA Fxstes Fezdd dis] o SskA
o= wpeko 7 shro] ANE TleAo] =7 wio)

T [}

o

t}. Cross Entropy Loss®} Dice LossE 7l &

T =35t ALE3H  Cross Entropy Loss®

J FE=sHUA % Dice Loss® Fl~
T WgFoR Loss TFE AFR
stk dd 2 mdel gy Aie
val_loss:0.1730, val_accuracy: 097132 % History
Plots< (¥ 2)9} 2t

L0ss ACCURACY

20
epochs

(1%;“5) fi}% }«] History Plots
Test Hlo|EH & #£3 wde] dugF 45 H7t
£ 32 A3 <xE 2>9 2 I0U(ntersection over
Union)#tS AAh 2 =FoA= Edd g
A Ert 2R A2TS ddsted oA Fad A
EE AREHE7] "ol M(2%), S(FsHAH), V(i
FA), MSV(Alg ez #Elste] I0UE AlLtst
Atk 10U Alxk A3 90%7F d& dolg 7 AA
olE] Fof 92%7} @ AER =2 HAIEE JIAE=
AL glstaith
<3 2> Test HlolHAle IOU A}

10U M S V | MSV Hl &
0.9 1364/1480
1] . 355 367 291 351
1.00% (92%)
0.8 105/1480
20 - 14 2 71 18
0.89% (7%)
0.7 11/1480
3| - 1 1 8 1 /
0.79% (1%)
- 0/1480
4 0.69% 0 0 0 0
(0%)

# MSV = Muscle + Subcutaneous + Visceral, M = Muscle, S
= Subcutaneous, V = Visceral
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(2% 3) L3 ¥ A8 Ul
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SEGMENTATION HEoz g s 93 Fo=z
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(b) Quantitative Analysis

(a) Image Segmentation

(1" 4) " = 7o

3. 2 2 A Z(External Validation)

Fe= g5s Fold 8 2as deta |
T2 #33 H2E dHolHE T AS7HA g4=st
Atk 2y "HAE dolHE AFE3E 370 Rte =
= e E3 Edo] diFEe] dolE oA dRkH
A Adess ¥ & i Hrlslkrlele SES dol
Hetastry] ofgrh. 53], o8 dolEe 544 3
Hdel dolEyt 7pxa dnkstE AeTS s
olfht. #Fgst= Aue} FgxHol wEt thgsh
Fdol AS F Ao EF HWA tgst delyH =z
ARAZS FY&loF vl el dlolHE 74

A2 ks ¥ e Ao EE CT delH
295 2sel OURe <x
3> 2

<E 3> 9HAZ delg el 10U A3}

10U M H| &
1 0.9 ~ 1.00% 38 38/143 (27%)
2 0.8 ~ 0.89% 61 61/143 (43%)
3 0.7 ~ 0.79% 34 34/143 (24%)
4 ~ 0.69% 10 10/143 ( 6%)
* M = Muscle
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