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ABSTRACT

In order to detect an object in yolv5, a process of annotating location information on an existing image is required
when learning an image. The most representative method is to draw a bounding box on an image to store location inf
ormation as meta information. However, if the boundary of the object is ambiguous, it will be difficult to make a bou
nding box. A representative example would be to classify parts that are not fire and parts that are fire.

Therefore, in this paper, images of 100 samples judged to have caught fire were learned by varying the number of
boxes. The results showed better fire detection performance in the model where the bounding box was trained by annot
ating it with three boxes by segmenting it slightly more than annotating it with one box by holding the edge as large
as possible during annotating it with one box.
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