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ABSTRACT

In order to apply the RNN model to the radio fingerprint-based indoor path generation technology, the data set must
be continuous and sequential. However, Wi-Fi radio fingerprint data is not suitable as RNN data because continuity is
not guaranteed as characteristic information about a specific location at the time of collection. Therefore, continuity
information of sequential positions should be given. For this purpose, clustering is possible through classification of
each region based on signal data. At this time, the continuity information between the clusters does not contain
information on whether actual movement is possible due to the limitation of radio signals. Therefore, correlation
information on whether movement between adjacent clusters is possible is required. In this paper, a deep learning
network, a recurrent neural network (RNN) model, is used to predict the path of a moving object, and it reduces
errors that may occur when predicting the path of an object by generating continuous location information for path
generation in an indoor environment. We propose a method of giving correlation between clustering for generating an
improved moving path that can avoid erroneous path prediction that cannot move on the predicted path.
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