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ABSTRACT

Over the past five years, the number of patients treated for diabetes has increased by 27.7% to 3.22 million, and
since blood sugar is still checked through finger blood collection, continuous blood glucose measurement and blood
sugar peak confirmation are difficult and painful. To solve this problem, based on blood sugar data measured for 14
days, three months of blood sugar prediction data are provided to diabetics using artificial intelligence technology.
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SinGAN (Single Generative Adversarial Network), ADA (Adaptive Differentiable Augmentation),
RNN (Recurrent Neural network), LSTM(Long Short Term Memory), GRU (Gated Recurrent Unit)
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