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ABSTRACT

In the IoT environment, it is possible to collect life pattern data by recognizing human physical activity from smart
devices. In this paper, the proposed model consists of a prediction stage and a recommendation stage. The prediction
stage predicts the scale of anxiety and depression by using logistic regression and k-nearest neighbor algorithm through
machine learning on the dataset collected from life pattern data. In the recommendation step, if the symptoms of
anxiety and depression are classified, the principal component analysis algorithm is applied to recommend food and
light exercise that can improve them. It is expected that the proposed anxiety/depression prediction and food/exercise
recommendations will have a ripple effect on improving the quality of life of individuals.
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