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ABSTRACT

Digit recognition is one of the applications of deep learning, which appears in many fields. CNN network enables
us to recognize handwritten digits. Also, It can process various types of data. As we stack more layers in CNN
network, we expect more performance improvements. In this paper, we added a convolution layer. as a result, we
achieved an accuracy improvement from 76.96% to 98.87%, which is a nearly 21.81% increase.
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