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ABSTRACT

Today, the AI market is very large due to the development of AI. Among them, the most advanced Al is image de
tection. Thus, there are many object detection models using YOLOvS.However, most object detection in Al is focused
on detecting objects that are stereotyped.In order to recognize such unstructured data, the object may be recognized by

learning and filtering the object.
Therefore, in this paper, a fire monitoring system using YOLOvVS was designed to detect and analyze unstructured d
ata fires and suggest ways to improve the fire object detection model.
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