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Analysis of Applicability of Visual SLAM for Indoor Positioning in the Building
Construction Site
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Abstract : The positioning technology that measures the position of a person or object is a key technology to deal with the location of the real
coordinate system or converge the real and virtual worlds, such as digital twins, augmented reality, virtual reality, and autonomous driving. In
estimating the location of a person or object at an indoor construction site, there are restrictions that it is impossible to receive location information
from the outside, the communication infrastructure is insufficient, and it is difficult to install additional devices. Therefore, this study tested the direct
sparse odometry algorithm, one of the visual Simultaneous Localization and Mapping (VSLAM) that estimate the current location and surrounding
map using only image information, at an indoor construction site and analyzed its applicability as an indoor positioning technology. As a result, it was
found that it is possible to properly estimate the surrounding map and the current location even in the indoor construction site, which has relatively
few feature points. The results of this study can be used as reference data for researchers related to indoor positioning technology for construction
sites in the future.
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2. Visual SLAM(vSLAM) & Direct Sparse Odometry(DSO)
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