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angina, stable
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. gastrointestinal | medications | stress ulcer
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cardiovascular | myocardial
proc_id[3] | ischemia/infarction | nitroglycerin |
intravenous
. cardiovascular | hypertension
proc_id[4] . . | hyp _ |
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. cardiovascular | hypertension | calcium
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channel blocker | verapamil
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