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ELU(Exponential Linear Unit)[12], PReLU(Parametric
ReLU)[13], SELU(Scaled ELU)[14], GELU(Gaussian Error
Linear Units)[15], Softplus[16] 2 %] & 3T},
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LeakyRelLU(base) | 0.1282 0.0675
RelLU 0.1284 0.0676
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