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I 1. AF deoly MES FA

Datasets Positive Negative Neutral Total
Laptop14-Train 994 870 464 2328
Laptop14-Test 341 128 169 638
Restaurant14-Train 2164 807 637 3608
Restaurant14-Test 728 196 196 1120

tlo] B Al
Ado= T 1 9 o] 2 7F# dolg HNET} 9
SemEval-2014 #¢] 4 oA 7} Aol o] =<
oA U] AlgHE HAEY 9 LER Tl b
olHE x3sit.
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o] A% pytorch ¥ transformers #to]H &=
AbgE WS Zh7 1.4.0 2 3.5.1 olth, A
AHEE StelH aebel Y AA S e 2T} dropout
2 0.1, batchsize = 32, learning rate =+ 2e-5,
max_epoch = 10, max_sequence_length = 128 o|t}.
Aol AF8-%E GPU = GeForce RTX 2080 Ti ©]t}.

®2. A% A3 EA
Laptopl4 Restaurant 14
Model
Accuracy | Macro—F1 | Accuracy | Macro-F1
BERT-PT | 78.07 75.08 84.95 76.96
AEN-BERT | 78.35 73.68 81.46 71.73
BERT-SPC | 79.07 75.58 84.82 77.84
TD-BERT | 78.87 74.38 85.10 78.35
Ours 79.87 76.17 85.89 79.12
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