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Flame Segmentation Extraction Method using U-Net
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Il The Proposed Scheme

1. Flame image collection
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2. Image preprocessing and mask generation
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2.1, 3C algorithm
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3. Segmentation extraction

3.2, Learning with U-Net
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2.2, Fog removal algorithm
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Fig. 2. The result of haze removal based on the color-corrected
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2.3. Flame region detection and mask generation
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Fig. 4. Learning result of U-Net
Fig. 3. Comparison between the original image and the detection
of the fire area by creating a mask through image preprocessing.. relo] Al
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[l Results
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IV. Conclusions
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Fig. 6, Comparison of the generated mask and the detection
of the fire area based on the mask,
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Fig. 7. Process of reflection cancellation algorithm[6].
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Fig. 8. The result of image preprocessing through the reflection
removal algorithm,
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