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gl A ZYE BAHE o3 MW (echo chamber) &3¢} AX 2 AF=Z3lS A3IA| 7|1, o]
S @ststr] A% AW AR s VA AAH AEE Adete A7 2as V€ Ay e
F A aYgzE FEto] w2 VA HMAE ARE G FReHA xd8IH 29y, o F A
A& dwdsts A4 2= I d(knowledge graph embedding, KGE) 'H-& thgst, 7} KGE
WRlol AAA AF dF Ao vA= &dd disiA FEs] ATEA St 2 E=dedAe
AA A A dSol oF AHe] &8-S Hstely] Y tgd KGE WHEe ads 2434
A Ay, oF AA a2z e JhAE P 59 #AE st A 2d 7he ¥ ModE
WS F&ske Aol AXNA AT d5o M EdHolgke AS Felsith
olf gt HXH F53t wAE gstaty] A=
1. ME ARG RSO Al R A gt VIAME ATTe
2 s FUFo] s A, T = 22X ARG AbEo] Ao Az vE s At
HFo] AHEAES FHE] UYgT ARE = 7] 9AE da AME A F d=E fFiesty] 9%
A st o ARt or ARSAES Al 9 w=eo] Fasir4]. ol =] dgtow Fo
A3 W23 A& s VIAE Asse @l A g 7IAke] A s ggstAl adsks 7l
Atk o7 dAe] ALKH o wiEd F9 AL o] AP ow AgHolof gt
A 5AT AFE zte oA e vE i ol gk vl A i V1ALl AAH QS AF
wolSol7] oyl A o den, ol& oa a7 g s vsEe] EeA dAE L Adv
(echo chamber) &2} gHeh(1]. [6-8]. dutd oz AXA 2 7|Ae AEAA &
ol ALEAEe] AR Fra MWk ofUzh, o], Aol Q= Y B UAE 7 AARoze
AREAFE R AR SAbAS I A Ak olafsl7] ol HRE XFsch(e: 5 AT
53 AAH FAE vFe arse] 49, AHEAE olF, A olF T). webA, dxkAQl dojrd
B AAA FFEE 2dste] AR Y des A3t BAA s 7IAbE SHkEA REYs] offts
A7l 2EA Aol # 5 dvH2] AdTHEe FAE Zt=nbl ol g dAE S5 s, A3
2 ARgARe A s &M o]l¥ S 45k Aj= Aok dddE oF AXe A 2z FH oo
& s FHEE VIASE IRkl s 3 OA a5 e #AE hET F g5 ®H ARE 28
o] 2 olYd TAE Y otshA7]aL Stk ko] A 7)Abe "MlAE ARE wu FEE %
[3]. ot A 2=z 7wte] AR AF A= Vles
o] A= ATH6-8].
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Class distribution
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% KGE Wi w& 43=

Method SemEV;)latase;xllsides
BERTI[5] 0.8692 0.8246
RoBERTal5] 0.8708 0.8535
KGAPI6] 0.8956 0.8602
KCD[7] 0.9087 0.8738
KHANI[8]-RotatE 0.9426 0.9151
KHANI[8]-HAKE 0.9395 0.9216
KHANI[8]-ModE 0.9521 0.9256

% 2= JE Y
KGE WHel w2 A3
itk 23S $3 woj~

A4 4g 5L 9

4
@ ANE Bal ModEE AHSF A4 =y Py
of 4 $Ee FARYUL o F Bal v B
A ARAVE FE3 AAE ] ARAA 9
AuE Qs ModE el 2@ AAS
o #AE HARE ESUAE ARE PES
ol 4 99t

H e RS w, o F 24S &85 AXAH A 4
= Ag=rt aA S7rES dJsAn ol s EEl
AEA w7 A 2lo] v EdhEo Q= AXH
22 7IARe] B4l whet, w2 7IAbeE HE e o)
A S B8 AL FA IAE ol stE=d KUt
FE3ltteE A A 4 AAG

N
o MY
tu

o

0%t

ot

2

=l

I
N
~

S S S T o S I eV 1.
Y

o
=
% Lo
g M
o 4
=
°

ot
<o =
o o

Aaes

[1] Kai Shu et al, "Fake news detection on social
media: A data mining perspective,” in ACM SIGKDD,
19, 1, 2017.

[2] Wesley et al., "Quantifying echo chamber effects in
information spreading over political communication
networks,” in EP] Data Science, 8, 1, 2019.

[3] Nabeel Gillani et al., "Me, my echo chamber, and L
introspection on  social media polarization,” in
TheWebConf, 2018.

[4] Q Vera Liao et al, “Can you hear me now?
Mitigating the echo chamber effect by source position
indicators,” in CSCW, 2014.

[5] Chang Li et al, "Using social and linguistic
information to adapt pretrained representations for
political perspective identification,” in ACL-IJCNLP,
2021.

[6] Shangbin Feng et al, "KGAP: Knowledge Graph
Augmented Political Perspective Detection in News
Media,” arXiv preprint arXiv:2108.03861, 2021.

[7] Wengian Zhang et al., "KCD: Knowledge Walks and
Textual Cues Enhanced Political Perspective Detection
in News Media,” in NAACL, 2022.

[8] Ko, Yunyong et al., "KHAN: Knowledge-Aware
Hierarchical Attention Networks for Political Stance
Prediction,” in TheWebConf, 2023.

[9] Tim Dettmers et al, "Convolutional 2d knowledge
graph embeddings,” in AAAI 2018.

[10] Zhiging Sun et al., "RotatE: Knowledge Graph
Embedding by Relational Rotation in Complex Space,”
in ICLR, 2018.

[11] Zhangiu Zhang et al., "Learning hierarchy-aware
knowledge graph embeddings for link prediction,” in
AAAI 2020.

[12] Johannes Kiesel et al., "Semeval-2019 task 4:
Hyperpartisan news detection,” in 13th International
Workshop on Semantic Evaluation, 2019.

[13] Chang Li et al. "Encoding social information with
graph convolutional networks for political perspective
detection in news media,” in ACL, 2019.

ARAL
B e JEA RN Ao AR E
A7 GH7ELAMATP) S A dS ol #=3qd A4,
(FAH S :RS-2022-00155586,2020-0-01373,
2022-0-00352).

-521 -





