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<¥ 1> 7t 59 W ASE 43
RoBERTa KLUE-TC NAVER-NSMC
Fine-tuning 89.0 90.3
DAKS-1ast1 86.1 88.4
DAKS-1ast2 85.4 89.8
DAKS-last4 86.5 90.5
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DaKS
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#iparameters to be fine-tuned
110M
0.8M

! https://github.com/e9t/nsmc
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