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I, Preliminaries

1, Man Hour of ROK Navy's Maintenance
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2. Related Works

2.1 Regression using Machine Learning
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2.2 Algorithms of Regression
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2.3 R2 Score
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lll, The Proposed Scheme

1. Tools and Dataset
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Table 1. Assembly list of Equipment
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2. Preprocessing
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IV, Results

1. Exploratory Data Analysis
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1.1 Statistics Analysis
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Fig. 1. MHmean of Instance

1.2 Correlation Analysis
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Fig. 2. Heatmap for Correlation

2. Prediction and Evaluation
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Fig. 3. Result of Decision Tree Classification
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Fig. 4. Result of RandomForest Classification

341



SR FEIRESS| siAstEs| =FF H31E H25 (2023, 7)

g
\

R2 Score = 0 689 i
#
B0 -~
8-
.F”
100 - o
J,,
- (]
-
230 @ i
0 ® -
] e
S ™ e
T 200 -
§ - ] ™
-
-5 _/
150 5 S i
» ® o
. (] -
w0 ® g #* s
”' L] ]
P .. > ° «
.- ‘ 8t «® L
0 - ' e 8
*e
k=] e 0. LJ .
0
o 50 100 150 00 250 300 50 400

True Values

Fig. 5. Result of GradientBoosting Classification

V. Conclusions
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