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Table 2. Threshold point per fallen person
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Fig. 1. Proposal System
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Table 3. Comparison of FPS and Accuracy

erformance
Algorithm FPS Accuracy
YOLOv4 2.3 95%
YOLOv4-Tiny 11.3 89%

*System specs: CPU:Quad—core ARM A75, Ram:4GB,
Jetpack:4.6.3, GPU:128-core NVIDIA Maxwell
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Fig. 2. mAP of Chart YOLOv4 and YOLOv4-Tiny
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Fig. 3. Proposal System Test
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