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FI¢E: Hed WEY A (Deep learning network), &3 2174 (Convolution neural network),
Az}t (Rectal cancer), ¥AAE W29 (PET, Positron emission tomography)
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tomography (PET) 3’32 Skajol|7A] T WAl defelge] A
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FA} 71&oet. 2% fluorodeoxyglucose (FDG)E |83k PET
(FDG-PED)= 71 e o8=h= PET ZR2A] QA e et
OARE 2 718 4= olek ot of Sz XY dkie
F718laL o5 FDG-PET o2 FIstoaa op g od 5%
A o] b, X|EHkE 7l 831t [5]. £ el



0l

EEE P

I

a3 =2F HS1R H25 (2023, 7)

FDGPET < 183 Hehd =S olgsie] 2pet sl
PG sk AT Sk

[I. Materials and Methods

1. =&t 31K

Z|det eixlel FDG-PET g&t &

& 116792] 2Pgst #xle] FDG-PET & FHlslolrt. e
FRje] FF 27k 2em opdolek AE o s o gkt
SRl $hak= 217olrt B dell EAte] AAE A vehks
A2l Pt 2Pt Fk ol Y 9 dde SR

=

2. Ffage 0% Eald dl=ea

FDGPET ’3& AM83lo] Bl g2 digs)] <1sf 2214
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I, Result

Held UEIE o83 2ol A& § 9] o5 2dle]
Bl Z7E Table. 10 BI22E Z7E Table. 201 AR SIIE CNN
Hdol) k= el Alet FDG-PET d/de] 3% w7ds
7gete Bl AU Hlalsielt Sk Al et 08549] e
o et 09059] AUw=g Mo HERt g Refrolct HaE
Zjelpihi= ONN el el gelel] wfe} “ds 2lo Lefstor
321 ONN =} 39F 99 & A3 UE =) 71 =&
o= (0.792)2 vhebit.

Table 1. Train results of CNN models

Network—data Accuracy Precision

2D CNN-whole body 0.8528 0.8447

2D CNN-tumor 0.8656 0.9750
3D CNN-Whole body 0.8495 0.8
3D CNN-tumor 0.8478 1.0

Table 2. Test results of CNN models

Network—data Accuracy
2D CNN-whole body 0.7736
2D CNN-tumor 0.76080
3D CNN-Whole body 0.7083
3D CNN-tumor 0.7917

IV. Conclusions

 oolpdi= CNN BeS AR5l Hefd vESaS 7551
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