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ABSTRACT

Length normalization by variable frame size is proposed as a novel approach to length normalization
to solve the problem that the length variation of spoken word results in a lowing of recognition accuracy.

c4FBAeL TAe A2 B



22

REERPAL 6% 4 H(1987)

This method has the advantage of curtailment of recognition time in the recognition stage because it
can reduce the number of frames constructing a word compared with length normalization by a fixed
frame size. In this paper, variable frame length normalization is applied to multisection vector quantiza-
tion and the efficiency of this method is estimated in the view of recognition time and accuracy through

practical recognition experiments.
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