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Abstract

In this paper, a new model for isolated word recognition called segment probability model is

proposed. The proposed model is composed of

two procedures of segmentation and modelling each

segment. Therefore the spoken word is devided into arbitrary segments and observation probability
in each segments is obtained using vector quantization.

The proposed model is compared with pattern matching method and hidden Markov model by
recognition experiment. The experimental results show that the proposed model is better than
exsisting methods in terms of recognition rate and caculation amounts.
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Segmentation process.
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