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(Multi-Target Tracking System based on Neural Network
Data Association Algorithm)
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Abstract

Generally, the conventional tracking algorithms are very limited in the practical applications be-
cause of that the computation load i1s exponentially increased as the number of targets being
tracked is increase. Recently, to overcome this kind of limitation, some new tracking methods
based on neural network algorithms which have learning and parallel processing capabilities are
introduced. By application of neural networks to multi-target tracking problems, the tracking sys-
tem can be made computationally independent of the number of objects being tracked, through
their characteristics of massive parallelisin and dense interconnectivity. In this paper, a new neural
network tracking algoithm, which has capability of adaptive target tracking with little increase of
the amount of calculation under the clutter and noisy environments, is suggested and the possibility

of real-time multi-target tracking system based on neural networks is also demonstrated through
some good computer simulation results,
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