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Abstract

This paper discusses the neural network application in the study on the obstacle avoidance of
robot manipulator during the trajectory planning. The collision problem of two robot manipula-
tors which are simultaneously moving in the same workspace is investigated. Instead of the
traditional modeling method, this paper introduces that of the neural optimization network using
the Hopfield network. The parallel processing based on the calculation of joint angle in the
cartesian coordinate with constrained condition shows the possibility of real time control. The
problem of the falling into the local minima is cleared by the adaptive weight factor control using
the temperature adding method. Computer simulations are shown for the verification.
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