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The Frequency-Domain LMS Second-order Adaptive Volterra
Filter and Its Analysis
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ABSTRACT

The adaptive algorithm for the Volterra filter is considered, Owing to its simplicity, the LMS algorithm for adapt-
ive Volterra filter(AVF) is widely used as in linear adaptive filters. However, the convergence speed is unsatisfac-
tory, For improving the convergence speed, the frequency domain LMS second order adaptive Volterra filter
(FLMS-AVF) is proposed and analyzed. We show that the time and frequency demain LMS AVF's have the same
steady state performance under approprate conditions, Moreover, it can be shown that this algorithm can improve

the convergence speed significantly by applying self-orthogonalizing method,
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