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ABSTRACT

In this paper, two adaptive exponentially weighted moving average control chart schemes which
available for real-time are proposed. The weighting coefficient is estimated using a recursive kalman
filter algorithm. Simulated average run lengths indicate the proposed schemes are sensitive to
process shifts. And their performance is comparable to CUSUM control chart and customary
EWMA control chart.
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data | 50.33 49.51 51.24 49.70 49.64 52.67 49.63 50.89 50.16 48.39
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