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ABSTRACT

This paper reports a new structure for phoneme recognition neural network. The proposed neural network is able
to deal with the structure of the frequency bands as well as the temporal structure of phonemic features which used
in the conventional TSNN.

We trained this neural network using the phonetics (o}, ©], &, A, %, =, =1, o, @, o} and the phoneme recog-
nitiont of this neural network was a little better than those of conventional TDNN and TSNN using only temporal

structure of phonemic features.
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3. TSNN( Time- State Neural Network)
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