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An Analysis of Mixed Pixel in the Remote Sensing Image Data
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The aim of this study is to dlassify mixed information in a pixel of a remote sensing image data (in the case of

SPOT HRV’s hand 1~3, 20m X 20m). First, the loss of information and the uncertainty of mixed pixel are
examined. To solve the problems, methods by fuzzy sigmoid function and back-propagation neural network are
suggested. Then, the study simulates and comparatively analyzes the two methods.
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