THAIEES 0|88 B=20] EAION E A2(04 XIS 2E B WordNet8| ZZEEME! 2 g47

T | AH S ]‘g‘ Skaro] e digk AR of
s %5 Y WordNetd] Z2EEq] A

t Tt 11t
4 2 5+ Hde d == H
2 <%
CTE FY e aE BAE 24T R 3 wated A9 dE el dgud @R A de
2ol N gL AEH ol LE] 4 HH Toiel 48 HE(GHe)E A ¥ola(WordNet) 2 32
obft #oh #H TxolMEs BE Q) dfte] 2457 WEo] WordNeis] ztdg Azbaiz] Rl

v EEE g 450 FAEE wr:q_L Araa® MRD(Machine Readable Dictionary) 7l ol&>1=8t4 2

o) el WNFCE Wor dNetTFE2e] 71548 Holm gith B =Rd = F2e] MRD(Machine Reada-
ble Dictionary) sl = 4}be) "“°4(<“escnpno. 12 o] gdted AL T Eo] HAL WordNet& T&3l= ¥E
& Aot} ¥R 23] F2EY EYE Fosd 49 AE (Yo E SETe AL Adwch
I27E BAEHY "ol BE Hd 1'&%1}-“— 2E Babe] gL B F2E FeThe HE W
ST mH, ols® T a8 n:%o%' Bl EE 2YH FIo] P9 WordNet ZEEFYE N

_(‘:'l'_l‘
=1}
n
£L
™o
o
(=]
S
=)
e
it
2
1o
%
i
ik
“Ii" (‘r‘

=2 23 of 9200 MAES Fololt 4 FHEAT

The Automatic Extractlion of Hypernyms and the Development
of WordNet Prototype for Korean Nouns using
Korean MRD (Machine Readable Dicticnary)

11t

Min-Soo Kim,"  Tae-Yeon Kim,""  Bong-Nam Noh

ABSTRACT

When a human recognizes nouns in a sentence, s/he associaies them with the hyper concepts of
nouns. For computer to simulate the human’s word recognition, it should build the knowledge base-
(WordNet) for the hyper concepts of words. Until now, works for the WordNet haven't been performed
in Korea, because they need lots of human efforts and time. But, as the power of computer is radically
improved and common MRD becomes available, it is more feasible 1o automatically consiruct the
WordNet. This paper proposes the method that automatically builds the WordNet of Korean nouns by
using the description of nouns in Korean MRD, and it proposes the rules for extracting the hyper con-
cepts (hypernyms) by analyzing structural characteristics of Korean. The rules effect such characteris-
tics as a headword lies on the rear part of sentences and the descriptive sentences of nouns have special
structure. In addition, the WordNel prototype of Korean Nouns 1s developed, which is made by combin-
ing the hypernyms produced by the rules mentioned above. It extracls the hypernyms of about 2,500
sample words, and the result shows that about 92 percents of hypernyms are correct.

*o] L FIHAAT 19940% EF @7 4% 4] @ .M E
Fuld] Q) AFHAE
12 2 9 dduem 24

T1E 3 W BFAeIEGY AR 1Y capldE "YUl AEH} s dolg Asm mo wma
t11E 8 g Wdietn At me i . :
=R 19959 8199, AAl$EE:1095911917¢ %Z}“?:__}- oo™ <zt ¢lole 19 pas



Et
MRD{Machine Readahle _)mum o) TE
1 2o wel Atz oz WordNer =
AL dely ol

o=

) el VWordNetd
olsE ol g7lEt MNRDe] A
dEe dregFe FHAM
Aeg TT < AT, olFA P g
gl 2ol FAE FHer WordNels ZE2E
g HREnt. Hatel 49 heg ew
Ztetel AL mdAde]l ¢lFTr Y24 (consisten-
cyyel glm ®lgol ol ET3, 101 WA,
o474 MRDE #Dstd TFHs 473
Ha2] Feol(descripuon)E AELE EATL
25 49 Ade AFsA @l 51 <lg7
dopd HAL 29 g2 278 44 AEe vt
A ¢ 9down, ozd #AE WordNets] Z=
Eelgez AEsts UL ARTH.

-]
& B9, “FAE “FAtd =g €]§70
“FAHE TS A hEe HIRTYE A
=2 o) £3, B2 “olm
B EE ETlRE “Hg"e 44 Ad

“BETelg AFoe=E —E—&.‘E}E% ok, “Fal
u]” “ulg” “EB7n go] Pate] A9 AEE 7
o 2 WordNetZ 2 £8l¢lo] F&H T

MRDel| 71€® wAte] Hoje ot £343

=

X
i
bl

okl rr

g3 =28 3zz = I 45 =9,
Aol = w1 E73 2o BRI 43

smte
ZAHS wol “vlg7o] B S¥E U

ohoolAE “FAp|"e} “slg"e] el A
Z3ion olg® & otk B =Eox

1

i

= °

W e rIr

Lo o

e Fael Felol vehts £3 Fzs &7
s FERs WY g el by
el 4E FUEY B

=289 §4% @=

98e 557 72EQY &

2a5e FHE AL

[RDe} %riel olE ol

& au?oa B4 99 e

k= -3 %’\P“ %*/\5 st
daEel FPges AT 49
= YES WA Fe) ¥Ee 243
A io7elsl Fag TEC Wo 4% 2Re
2 T ghErol MRDej sl 2 g8
POz SAET TESCE 48

= e

e . * n=
TTET D & ™ -1 ,?_&./;ﬂ‘__
= — =

o2 TEL £ ook

B zE¢ =4 BeT ZEh 2¥CMe £
AE FHEGT. 3FelAE Fol MRDS T4
& BRRGE. 4FPME g0 2 U

1_%011 AHEEE A8, F4
NEdg 42

(Z=] 1] 49o] (hypernym)

$o] B7l o® T2 go] A gode) Yy
2 o AZ B A9olg} dh oA THA, &
ol Bl Fge] £ A9l Jge TPEH=
o 8o AZ §o} Be] 4eloje} sz £o| Be
&l A9 stgloiztn @Ti[6]. olEE FejeM
ol AE F43= 9nd B4 A¢L 4o B



S0AEE 0IEE B0 B

S48 HETETD DT 4 ok ol AL 9u
Q 549} Adolals Aol 4 Ue Hejth[10]

pelole ABAA 4%E 49 o] s
o, elcld] ¥ £47 ¥He (At BY
Hofelt © A()DB(x), V)2 Bk ol el 4
£ Be Adg e Ade 2B 4 99
4% 59,

“e)e] ="

((#)3As] =eln 6|8 TFnd BE
J8elN FEZE mlnome) gejoioinE

ig ¢ % 9% @eq 2E oRdEE

oo 4

["e 2] F4of(headword)

Baje] ol glofd 71F WAl He v
Folh oAl walM, Bakel He Nee £
2% BRdMd 23enA S Ee] Fa)
93 % Be 42 = Pold HUEd

£ =Eo Zag Aeo] FF WY o

[Ae2] 8] FHo](differencia)
FAold eujEH E4g Jlolgt O%:r“_:’]t}

[#e] 3] WordNet
Re] 1M AF A¢jolEe H4BAAE T
oz 7% Aelrh

WordNet= |

x & Word
={(A(®, B(2)) | A(®)DB(),V1}
4% T, (18 DI o) Well A 29
o Wa'elm YA WE FAels W,

P5(2), PS(2)

ALCl CHED &R10{ Al F& 2 WordNet8 Z2Fel@] /it 549

_%1 — . e _
J- s —— |

— (. ;ﬂ%: -
- |
i . 1

(8 1) WordNet2] o

(Fig. 1) Example of WordNet

Wl g gelols ‘BB $HAE T4 3

porary English (LDOCE), Webster’s Seventh
New Collegiate Dictionary (W7), Merrian-Web-
ster Pocket Dictionary (MWPD), Oxford En-
glish Dictionary (QLD), Collins Dictionary of
English (COLLINS) So] gith <igels W73
LDOCE7}F 7% o] oj8m3 itk Krovertz
gt Crofte MRDE oj#sle ©of £ple] ES
Ag HESHAD FHAUR3]. E. Fox 4782
BB AM o] BF F U F Aix(the
saurus) & TEsHEcH2]

gt ghzolol e dA ol £ = A
£ MRDe si$- Hoh oj#lgt @73 4% MRD
d o]

£ Algole] NasaE FE] Yels ¥4
U 7 B4 olgste ATt Bus 219
T g8l £ =EAE AFE AHA AR
2 MRDEZ olgdle] Bate) 49 7Hde Word
Netez F&ate 2ge $48na wck,

3. %0{ MRD& T4

£ =%o4 AgsE To] MRDE QA
ZolAbg'olch. MRD2RE HEo2 oW 3n
£ &5 YL ARe TR 9T WE
o 719 4L A o] MRDS| FEE 4718,



850 SIRM=XPEE =2 22 MeZ(95.11)

2.1 3.1 MRD2| 74 4

Exd AME ‘Qdx Zojame 2ae

“crof”

<<LEAS >

{1. golef] gk 2. 2. e @ oA. [
ole] By 4% 1)8

FurgE Qte] ©ojrt gla Id o gHEe
20D gell 2R glew ZHe =2
SEA BAgET. <8 BT Abojeie
olefl WiEk FAZE EAEC o]He® o] Tovh
FAR opdAE FEE £ An. ‘@’ Trgd
UeoE wes I Pojd tE dAzA, <&
ol vl b gEF T2 gol
FrlsEEl2 xely A7 UALg vEhETh
2ol ) <e] WEe dold HF EY2
EHIE SEoT 8o FEd AR g
WEejoh. o7l gold] gk Hevr L
------ 2 'ME A7 Holdds & &
Aol M BEE £ viepdch ofde] w2 %
v Heh we TRV 22 god HE VS
2 Hzod BR®stn 2t} olfF Tl Thg
& (equivocal word) e FHT}.

2 =EdA o]g% MRDE ‘<<s}b >4
olo] ZAZ AAshE Telr} Utk AAFE A
Ael 2718 Fol7] S8 MRDAAH BAWHS ¥
shiigich & EAbEE FEFoIH Al
W FAE LFSA FAE 5 Aok F 4
Fol7t Bateld, I Fsiolx WAtelofol o
=g FAbE BAE, FARE FA7IE], 84
E BeAE A e wE BT e A

A7) As BAl E FHelg FEts ¥
dg A 4 FAleb gold @ Fe

e

o] tar} o, detHel FEHL T
Qd TE BF SR Yeths Holth ol

# 27% 43 Aol BE Aelef ARwy
ofuie BAL HEAlel UiE geol g
¢ % o

_!rJ

3.2 HA A0 AEe 7

el Folo] U 49
AZEl T ohge] ueE =
Zoi7t e A #7o] AHH u
oElm olgA oldel e A%
"o cal word)#h ol 2l ng A
1.4 tﬁil 17-_,_101 )].—JO o]r—_zjv;;
Se0lE U gon, £ &
7t o+ 8

r]r
}- [s]
N
fr =

il

<1

o)

p

Qrjeln ey BT BA Zde 2& %
e Zelirel E wols FeE sives
Flai =48 MRDL olgdhe 2olri. mpabd
VRDs Exe #A43T AEoz gYolE
2% & Qe Wge :;%olok g,

#3ojsl B 24U FYP4D ojee

ATHOl BAht WAL B9 M
olz AEElE £ 72 I "9 7 FHol 94X
Foh. 28y Agold tE Bzols £Ad A
Zglo] Af2o] vehd Alt]r 3 A<l 7&1-?_%

Ebdtch. TEAT, AlA A= HALE ’2‘:36}-%
HolmE FAlo] HE WAl hPF wpx|g
UEdTh o] Ao] Hojgte] xelHelth &, Ao
L ooE A em I ARE ‘that' v’
which’ E9] ZA AT of U for T AXALE
dZ3ted FojA dEgich o]HE dxold &
Mol uwtzt HALE dBste FEoY A I
ZF4ols FE2E ¢ At

o] ALF A HAle] gt Feolz A
o7 Fdoel FHole] AYHE FHE olEth
agn FAE g 71FE ZFe A7 7



S& LAY 2 39 EFo7 Hilx o
olHE oTE W Ade Zddd @ 4 g
ot

4 g 59,

A7

'LEo)E TE 2R9 £, e 18

AAMHE ‘Folz PE'L Folo]n ‘~o

e
F24'e zaé”"\_ guig 7zl
€ 74 49 ez 2

- [

2171 3 39 ‘:;-a'% 2] MA&‘— ~
3 g

welo] AR 2pas $Ee oe 10749

A, B ehA g delue gas & 2
o] viEHzh A %aﬂ)i v T4 7Y
ot F4lole Holgle 2z

B Wgelt10]). 42

b

{1 o}% He 9. @~9 o8
&5+ Utk ol 2% % 3
239 whauo] vehd r&oaon Auge @+
stk ol AL'e FAE dRAFE 7y
ool SRt olRe Moz EHHW the
3} 2.

M (S = FFE=1(S1) - FEa(S1).

El_.

® 7 2
ol "@olg APsts Yule HAm Y= =
At EFolg Aelolz s Wolh of
HE gnlE e FAE ~8
Faer, ‘~g o=y, ‘~g usu, ‘& g
2, & I, ‘% slRE, ‘2 geioy
olth & £,
N

PEF=0] BALO LHEH &9101 RIS $& 21 WordNet?| ZT2EEIQ) Y 851
{248 dEdd g T @o~. (5)x

what “F2)o 8 :
JRg FHoe FEsw e Lo,

MAS5)=F7ES5 ) FE4(8)-
(‘& or “B")-(-) Fol &= (S)

® 74 3

247 24 Bgd] oF 22 Bhs:
o7t uehd m, 2ib 2e BB ooz =
Z3he ol o)ng ¥E& EASE ol
£ ~ES, ~EY uE, 3, ~
o, ‘YE Solth g =T

‘SLE'W

(1. 9h70s} AL 2. 39 49l v g wx,
#7] obge) B, Eol.ls

A7elE ‘el Higsl g o] AgEYn
A& &% BE BAY O FHO TR
B RAE BHE YU 2oo. 34 A9 2
& Yol AgEUE FRolE A/E 24 @
o gol(dy|HE ARFH olS)HE Aoz
4R A B

M(S)=F37%1(8,)- FZ4(5)- (‘2]
c(eee) s Folg e (§).

® 4 4
ASEA Qe @5 wolg 49|
sk hgelth 59 W&R

& L] LS - A —
o, ‘T, ‘g’ o

30,
o
2
|‘|1'

2 FE
= ‘8f, =,

{122 Hase sherst 420)
B Aol Wemaht R A5
ol PHALS P2 wolrt AusiE WAlst
2 %&?&ﬁ]% ZEh gk ol B4AL
29 gol2 42 s o Butan

%3:5&44 R4} olg® Phow 44



552 orEEEHDEE] 2FaAl MZH M6E5(95.11)

e olget TTh
W S)= Fanei(§)- Feae(S)
ST UET AL e HLRAL (g)

CFE(S).
w5
volz AMRSE HALE AHeE FE2E T
2ol olEd ALE il Hdll AAFEE FA
7t Be{E f’}-@ te orlZ AU ofF 4HZE
T r:‘,-‘T:u & e FAEC HPET. &8
‘h’“t.r. ‘~01%-Elt.l', ~EE, ~EE

R
o,

RS
mw 2ol €% BAe EEE R
*;,94611 AgHm dTW BAE gERFE UE
=5 WP L YFoiEd 2R AEEOE <
230 dzd Fy%es FAE 2 BA
£ ?:'—LEEL
ang Hdow TH {ets et g

A (S)= Freei(8) F245(S)
C2, e el 5 Felgne(s)

C e

Hatel Fzrel olwlE vimEty] Sis FAE
ofmj(‘giek, ‘H¥, ‘AT T)E Y o
24 oA BAHY 0113] ‘WE B A& FES
£ whgolth ¥, FA] /AR ofFl W's
BolA BALEE e FZshe Wgolch 48

“Dgg,,

{(OMIATE thsted
HE .18

o] ool 29 AAY ‘AT L A4S
el A Hatges ¥¥E Zlolth I ol
g A9E WA Qe Fate] oulE vERd
7o)t} rﬂrEJrH ALY ojulE W QlTol# 3
Almto 2% FEG ouE T AT
A olElg ALE FAY ofu] ¢ BAE
o2 &% 4 AUtk

olgA HAHE olnlzt YD FH 4L

A olAF E=

Hgg 5 9

3

ohzjsh Zer
MA(S)=F=8(S) F22(S5)
CFe=ar o) (S)
w T T
4 eolAxE Bk $RY golE
solzs 2 BRE YL B ¥ B Ex
oHw 2ole dEdE BAC~ @~ A

Sy7h B3l mpxTe] Uehd of FAE oY
grel g iglois FESHE UHolHh dE
=3,
"HE &%
LAY ot =el . = A1Fe] BR7E A =
STE RS
gle Fe Pee JuE dEhia Tee o
o gog Tze shdch Tgln ojHE B
o) BEc HE gos RE 8 ¥ BE G
e, FEd @ gej(drjMdE T=F)
g Fyciz ez Fo] HEHAE
ofgA "@leld HoEg e EY I¥e
ol g% Wwgel FAL ojfer WD
MAS)=F3¥=(8)- F24di(S)
Fes% a=(8)- (', "3

B&el grlz A
~AF|AW,
e} wolg A

& el A4

o
R tlﬂﬂ 54 AFEA

72 774 2o FAo| vehdth wekA

2 6,
24 Sypdd $2H wols 5T grE
z= golv} ‘BAWS 2 T ol A8
AoE 2% 4 Aok @A FAWs %0
o7 ool 2 Bojg 4elolz FEHE A
A7 H7 ek

A e FATEE ol Rk



OAEE 0186 BI04 BAL e 4210 XS FZ B! WordNet2| T2=g10! 712t §53

MA(S)=F#2(S)- F345i(5)
AL, HAW B (),

£ ~gos s 39E U ~s9e
~9lg SHE AHU 2AE UsiE S
] 1 LI =
Y

IESEdH R =5 Ee =zv 9L L o=
= ®.18

e €HE & olmRE Y FEe 7E 2
o Fg dhfe] HEHAd gl flEelEks
To7t delE FE2HA Hed, o] wolE
FE fES @AY Ads AL 5HR ¢ F
vk wEkd o] Thoje Ahedlzs FEgEd

EE&E Hetts B 298 Fooz 29

@ 72 10

A ZA AMREE FE Y B 52 A9
F& WRld HLsA @ el oA7 A
235 o8 Eory g7 2ot

“0& Ax"

{((ANAFNA, F ¥ do} M= HA. @

AdA ‘@ FA] gl A AAE RoAF
I gl o]¥d FA4L AbAnig gEAAn =
TEAA o] &% AbAdE ‘@l 4 o
A7 vem T ‘T JFo4 dodoit £
9 97t ZAEHAG. ol LSS 4o
£ F&she AT 4@BAI) Aoz 9ol
A A= g gt

A vhdio] &E F9 FHS dutRow
A1z B8 2 B2 g3

M:(S)=_C@, ‘<, T %)
- FusizE3(S)
gloj A A AT 107}A] ¥e HZBdFoz B
HstH ol 2ot

H=(MwoAMON (MsNMINMNMs
AMANMAM2N (M)

ost FH 10& gdelz A8Ex @
Y #of] 8lE a®d, a3 3E 19
1 AAh B Fo AYdE ¥
ek mpE F9idh

v

Rl
Hr o rr

I rr fe 41
o
b=
i
A,
rETT

L Jo Ju
Hif
,

o
0>
]
Y
i

f
i
2
T
2
A

Hi
2
T

RV R
rle
ofl

Y
el
~J

)
—
o
N

2
hu
L
E L
2
S rc{
9,

[
4]
o
(]
~
_

o4 ¢ O
i 2
LA g
£ b
AT

i
[
ek

ol foofy !
" 3o
o

E.r].n:

,J
ox
4 *

Hu (4]
ol Jy
%
ot
~ 3R
Py

i,

.

i
A
o
2
)
o
=
oil
H
1o
ol o
>

Je
o
)
=2

dr

T4 o> i

fe 1o

b @,

2 10 o 2 > oL B
A 1
>
N
N

'iloﬂ,
1
SUA

AL

2
=3
i)
>
IS R TR
2,
~
1@ T gk
+
g of
o oo
ki
U
Rl
il
52
rlr
Ha
o

s

N
-
.
EQ
ol o

rie
o
e
2,
]
B
o
¥
facl
A
]
et
-
fats
S

[

it

B

il

I
P

o——‘FUE-

LF_Ihu

o

o

il

T
—

ENC)
o

ol

n Ol gok
off oo [T
mo 8 e

N
&2
By w2 o
4
S,

4 £

3 M

s
;g_l)_*'.ﬂo
;QU'D).
HEY
:L]OH..J?:J..
o J
o
fe o oox
19 ot Jﬁ;jﬂ
=
s

oh
ML ofle o N, | i o

olghm Euh Egol Ael W 74 99 o
284 49l A 12371490
CLEERRIREEIE E g N
L7 A7t 25T 9243% 7 A8 49
A2A9l SJrlg 2m Agch duix 2R

==



854 SIREEHIEE =2 M2H HEE(95.11)

Beiol7t FEHE ALE TR LFG T
=0} B4 gEolch. mEhA gl & TR
ted P BARE 23 A%

Ha, ZoAW AN 4o 23 Fdos
e Zo] oh7] wEe] FEE FAA FE
o] Exzol velgth goje] HE Felvt A
29 4Boz ol UM £28 Bolrt BE
B areloiz el dulg 2L YA ¥E BEh
o) =

0
i
o]

il
EE“

AR

(128 HH ERE oA L E~E W
e ~FHT}S

NNy we BEoz AHsE B 4
Zol ABAA BUlE T'H AT YoiM E
Qe 18D ~FHE g8 HAE JET
W AgelE Ae Aoz 22e@ RolA
Bg Az ‘FOl@ WA UM BEolE A
aae Aol Tasto

AR, AN PHes & BT A@et

“ ?1"

<<(B)>>

(((E) 1. A7) Auwiztel ddgoeoz 3 &
218

Y AHEE WAL A 2EY BA A
29'ge) elvld ABBATE Hk.

dA, FFle ARt B4 Fead ‘©'F
& weld BAEOE WRAAN AGEHE BT
7b Sk 2% ol#¥ FAhG FeAte) HAHol
gelolz R2HE A%, 229 Bolrt A
Hosol QA @7l Aol the 4ol FE

Y

o,
ml
-r
rir
il
kl
N,
e
[gla

= =z

‘. BAE £3Fs
Lol AN PEeR FHAE
TrEr, ‘e’ g’ Tol 232 F
2gst= Fash HAEEHY BAT B

(% 1) 2 25 7 ER

(Tasle 1) Result for extracting by each Rules

exs | 2FE =2 28
L 2ENE | 2UE (%)
R 2687 209 92.8
e 51 0 100
U 73 3 142 0 100
T 4 95 1 99.0
TE 5 38 9 80.9
EE 276 58 82.6
T8 7 97 0 100
753 | 22 2 91.7
A | 3408 279 92.43

6. ZE U I wa

B =R ME #§ZFo MRD(Machine Reada-
ble Dictionary)e] BAle] Helg o|&dld AF
o #Fo] P4l WordNetg FH3E U
Aratgnt. BFol EFAAME FAHYD ol
BE Ho velgdtes FRE] 47 Ak




TolTd 59 T2 E4g Fasto] 49
g FEIo 7L Atagc}. Boe B =
oM BA 49 AEe 328 5 9=
BAF Fe] REE EHs 10719 wEE A
A&t o)

B =TlA AAE Ygos 4ge ¢ An
oF 92 HAMEJL BAlo] e A9 Ade A
23 £ ¢ AUt 2RBE e d2o
8 S4d @2 AHolr] wjE, o] B9
+Z=4 EHE 243o AAY PHE BE:
= hdgeEs ¢ e ZIE de £ 9
Zojrt. 5Fo M AAIS dBZEIE dFefa A
€% MRDel 243 do] A3 oj= Fx F
=9 54& olgg ¥y THE JE olEg Fo
At M E olg-E £ gtz Eot

2 =ReAMd AN zaERes HEE)
AaEde] Helg =5 o Zg€HoE YT £
UoEe 2t @EtA, o] dF AFE RE 3
Atel] #o) H2d WordNetd T&2F5=d ge

718 & Zlolth g, WAl Bo olulzl €e
Ab, BAE BAL T ©el dRAAE EfTx
g FEI= Hdx YT 9o Hgeo] vln
st=2 AlZta €8] g7asy} 3tz R

*

webd, gdos #Ea BAS Fohd T
HeAhE WAl AAAIE 2, FAF Felo
549 shete] WE 977} Wasd, wpgo

2 WA ool goiN duBiel Mt A7
A=z o} itk

g1EH

Mo

[1] RByrd and G.Heidorn,
mantic Hierarchies from a Large On-line
Dictionary”, Proc. of COLING-85, pp.299-
304, July, 1985.

[2] EAAFox and J.T.Nutter,
Large Thesaurus for Information Retrie-
val”, Proc. of ACL Conference, pp.101-
108, 1988.

[ 3] RKrovetz and W.B.Croft, “Word Sense
Disambiguation Using Machine-Readable

“Extracting Se-

“Building a

2 WordNet8| I2EEIR] 7Het 855

Dictionaries”, Proc. of ACM SIGIR Con-
ference, pp.127-136, 1989,

[47 Y.Moon and Y.Kim,
tic Errors in the Korea Text”,

“Critiques for Seman-

Proe of the
Int’l Conference on Al in Engineering, pp.
155-161, 1990.

[5] Y.Tomiura and T.Nakamura,
Form of Hierarchical Relation on Verbs
and Extlracting it from Definition Sentenc.

“Logical

es in a Japanese Dictionary”, Proc. of
COLING-92, pp.574~580, Aug., 1992.

[ 8 ] P.Hernert, "KASSYS : a Definition Acqu
isition Natural Language”,
Proc. of COLING-94, pp.263-267, Aug.,
1994.

[ 7] MChung end D.LMoldovan, “Parallel Nat-

ural Language Processing on a Semantic

Sysiem  in

Network Arrav Processor”, JEEE Trans.
on Knowledge and Data Fngineering, Vol

7, No. 3, pp.391-405, Jun., 1995.

[8] o4z, “7IAMe A~de 948 11gd 3
47, 233 R], Vol 7, No. 6, pp.25-30,
1988.

[9] W&, “&=) Ao gt 12", Auz

137, Vol. 12, No. 8, pp.33-46, 1994.
=R, EE, “@Fol B2kl Hypernym
AT F2 YT, @R FEAEE geux
=4, Vol. 21, No. 2, pp.613-616, 1994,

[10]

(111 A%, A48, “qeag Zolarn”, 44
Z WAL, 1984.

[12] o1, “EE o] Watd”, BA2WA,
1980.

[18] “RA 2 ZoiAbd”, 9z, 1993.

e
7\:']':‘1_]_‘__

19933 Aoty ANEA
T (A}

21995 Agddigtw digryd @

WA S0l B4 A}

1995~ W7 Agtigm A7
74}
B} HolE F4, AR,

Adde] Ay,

FA N §



856

erETERIA

algl

=2X] H2ZA HE5(95.11)

7

B o
1986 AGgien ALdEAT
7 Z(EA})

198813

ARYnm B
AEA 3 (0] AL
19933~ FFd&d2dE
AEEIT OAans
CkR

=
=

L EAXE A 2E, B E

b

19783 #H'&

ol (‘61—}}-)
198213 BFTHE 713
F(FHAM)

L 199413 WEWH™

&

PAR-N I L e
| =R -

2zEg 923 3

;‘1_575‘ alg}(o]tlml)\}.)
® 198333~

~ "

1. B0

.
Gl



