1995% 5H WrILamLit % 32 % B#H % 5 105

X 95-32B-5-12

S AL ol Tl A

(Isolated Word Recognition Using a
Speaker-Adaptive Neural Network)

(Kee Hee Lee and In Chil Lim)

Q o

2 =32 MLP(MultiLayer Perceptron)ol ]3¢ HMM(Hidden Markov Model) 43 <147]9] 91
245 Mk 9% gAbdE g vjeshd. o] el AfRE 3o HlolelE MLPol H-$-Al7]
71 918 12 AEAgTS AREetl Big selolelel e BReAE wEiorn Auddsie xHd, o
] MLP ¥5H71i= #sla ohi=t}, 1A ) ~ele MLPE HRA| Mejekzlslr|2 Algsh=s £d4 HMMOﬂ 7]
=5}, elA]AlEl o] Aujis o] HhHo] whE &g 3ol Hoopq o QARG SRS L_o]v,_q |
39 2NEE V|EA ] 9.2%00A SRS 99 5.6%E AA TAENUCH E Z]Eﬁ%

?l A5 *H"'L’\ el gt GRIF Jlojie e1AEE 51%E HAs

Abstract

This paper describes a speaker adaptation method to improve the recognition performance
of MLP(multiLayer Perceptron) based HMM(Hidden Markov Model) speech recognizer. In this
method. we use lst-order linear transformation network to fit data of a new speaker to the
MLP. Transformation parameters are adjusted by back-propagating classification error to the
transformation network while leaving the MLP classifier fixed. The recognition system is
based on semicontinuous HMM’s which use the MLP as a fuzzy vector quantizer. The
experimental results show that rapid speaker adaptation resulting in high recognition
performance can be accomplished by this method. Namely, for supervised adaptation. the error
rate is significantly reduced from 9.2% for the baseline system to 5.6% after speaker
adaptation. And for unsupervised adaptation. the error rate is reduced to 5.1%. without any
information from new speakers.
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using supervised adaptation as a
function of adaptation degree.
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