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Abstract

As an approach to design the intelligent controller for an underwater vehicle. this paper
will propose a neural controller with the fuzzy weight which can tune the control rule
effectively. The initial weights of the fuzzy-neural controller are constructed by priori-
information based on fuzzy control theory and tuned automatically by learning. The proposed
control scheme has. two important characteristics of adaptation and learning under the control
environment. Also it has the advantage that the precise dynamic characteristics of an
underwater vehicle may not be required. The effectiveness of the proposed scheme will be
demonstrated by computer simulations of an underwater vehicle.
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