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Abstract

This paper present the way the fire detector determines whether a fire has broken out or not
using the fuzzy measure.

This method is based on Dempster’s comblnatlon rule using the belief measure. The detector
indicate a ‘Fire’ (F) or ‘Nonfire’(N) when it determines whether a fire has broken out or not. To
determine this,the fuzzy rule is applied in the setting value for the heat and smoke detector
which is used.

As a result, It i1s proved that the final decision can be determined more exactly whether a fire

has broken out or not in proportion to the frequency of the fuzzy measure and the value of Bel
(F).
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