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ABSTRACT

In this paper, we propose a Hopfield model for solving the part-matching in case that is the number of
parts and positions are changed. The goal of this paper is to minimize part-connection in pairs and total
path of part-connections. Therefore, this kind of problem is referred to as a combinatorial optimization
problem. First of all, we review the theoretical basis for Hopfield model and present two optimal algorithms
of part-matching. The first algorithm is Traveling Salesman Problem(TSP) which improved the original and
the second algorithm is Weighted Matching Problem (WMP). Finally, we show demonstration through com-
puter simulation and analyze the stability and feasibility of the generated solutions for the proposed con-
nection methods. Therefore, we prove that the second algorithm is better than the first algorithm.

Key Words: part-matching (% 2%), combinatorial optimization (2% 223}, stability (¢H34),
feasibility (F-84)
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