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Recognition of Vehicle Number Plate Using
Multi BackPropagation Neural Network
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ABSTRACT

This paper proposes recognition system using multi-backpropagation neural networks rather than single back-
propagation neural network to enhance the rate of character recognition resulting from extracting the region of ve-
hicle number in that the image of vehicle number plate from CCD camera has a distinguish feature, that is, illumi-
nation of a pattern.

The experiment in this paper shows an output that the method using multi-backpropagation neural networks
rather than single backpropagation neural network takes less training time for computation and also has higher

recognition rate of vehicle number.

.4 &8 Ty 2FE AN R AT AN s W 2 g
A g md Ao 23 e EACEES
BA 4 APAS e estet §A 2% F e FHste g At dated T2l AT a7 AP

F7bl e ABA A 32 e AL A (FRAS YARCEN A5H delH e
A WE A4 A2YE TAYORA BH AF % 2E PA YA £3E AUT 5 A Aol

AB7HA) A EA 222 (off-line) 214]

S MORE ol el AAE $4 34T 4 3

3 E Y 97323-0011 T2 4% & A9 (template matching method),

HRAFN97F 9H 1IH
2432



RX/ G QAR NFRE o &5 AF WE B Ay

w2 g3 54 wEe fFEHUE AR dYde
2414 wh(statistical method), 283 E2E A
e 8459 723 AL v Lste A43e
722 99 (structural method) S¢] o}

2o M- E ANARNEF g (AL T &
2 Qlae] Wagt AR E 53t A1Vt Bol o F
AR Uk AR ZGL g Y, B4 A4
#8, ¥E A2 54 5 /HAL o, ke
Lol &4 Foz Wy E Ygo] Eojdk o] E &
A&A 2 § AR, AAIAZY A9 FxH
£42 3t oo x & gAss AF SE FHol
At o3 AAI 2 LG o] &5 FAN A #F
A7t w9 @aks) Aol = Aok

2 =M E CCDE FE Aol a3 g4 |
33 F9o] YA AW FHE AVe 5FE
o] g% MeH JJo & Wy 9 Hds A
B o] &3k Q1] WH-g sy HE o Axg
ARG ol g3t g W Q1] AlaFHg 78
&t

ol #3lod 2@ M= CCD FleigtEa e A&
Aol A A W g0 F&7 AP £ 3
of dia] dotEch 28X 3FANME 2F HE AY
& A% AR RG] et sty 4FelME
TEG A HI T A Al2F9 PN AHE E
A&, vhR| e s e AE ) oo dFaA
of sl A w=3hr}.

I.Hso Aol 53 dlig 2X FF

21 R HEme| &4

AA S AP NERL 33 o] a7k Fx
2 FAH A

A A JIL GF FAE FAEE B A Y 5=,
T WA 49 w222 FAE A5E 2=, A A
Eooe BAs pAY 5 B F A=0| 3, v W

v Y U3 42 pAEe] gl A iEs
o] M BEAL AuRw, A vyt WAEZ
TAE A7HE = vpgo] B4R d 9
£o] ok

48 A9 3= aEY RS

Hxd % IS 4¥ AE

EURETEELEEY
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