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Natural Living System Artificial Life

Human society @

Colony of social insect
(ants, bees)

Distributed autonomous
robotic system

Swarm intelligence

@ (Collective intelligence)

Collection of animal Robot group

(fishes, birds)

Robot
o fntBe | . (sensor baged hehavior)_
Evolution Evolutionary algorithms

Learning Reasoning Neural networks Fuzzy logic

Adaptation Reinforcement learning

Immume system Immume networks

Morphogenesis Self-organization L-system Cellualr automata
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nain Algorithm
behavior s
controller)

Y.

Basic behavior controller
(collision avoidance
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Actuator
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3} FAE ] e T T Bl A olgle o] ] oHdAE BEAE BT
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