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ABSTRACT

A new automatic classification method with high and stable accuracy for time-series image data is presented in this
paper. This method is based on prior condition that a classified map of the target area alteady exists, or at least one of the
time-series image data had been classified. The classified map is used as a reference map to specify training areas of classifi-
cation categories. _

The new automatic classification method consists of five steps, i.e., extraction of training data using reference map, detec-
tion of changed pixels based upon the homogeneity of training data, clustering of changed pixels, reconstruction of {raining
data, and classification as like maximum likelihood classifier.

In order to evaluate the performance of this method qualitatively, four time-series Landsat TM image data were classi-
fied by using this method and a conventional method which needs a skilled operator. As a result, we could get classified
maps with high reliability and fast throughput, without a skilled operator.
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