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Fig. 4 The proposed adaptive fuzzy inference system
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System Modeling based on Genetic Algorithms for Image Restoration
. Rough-Fuzzy Entropy

|.K. Park™, S.M. Hwang**, D.B. Jin™"

(*Joongbu University, **Wonkwang University)

Abstract An efficient and systematic fuzzy control requires a technique to model
operator's control action or process. and in fuzzy inference it plays an important role in
its result to determine the contribution factor of premise part and the output of
consequent part. [t i{s a prerequisite for that goal and so partition of input space is
performed using clustering method based on extended rough-fuzzy entropy. This paper
presents an adaptive fuzzy inference system that the approximate reasoning is carried out
based on the concept of rough-fuzzy entropy. BP(backpropasgation) algorithm is applied to
the identification of premise parameters of fuzzy [F-THEN rule base and the identification
of consequent parameters is investigated by GA(genetic algorithms) which are robust to
local minima and thus have the advantage of optimal search. The utility of this
neuro-fuzzy modeling was investigated through the model identification of image corrupted
by impulse ncises. Through a lot of results of simulation. a high degree of adaptibility
was reaclred by means of a set of fuzzy control rules which approximated a desired data
set. The proposed shows the improvement in the objective image quality with only 20%
training data of the entire image.
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